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® Model heterogeneous data and contain rich semantics
(¢) Our Model

® Meta-path : Semantic paths between two objects in HIN ® Model a three-way interaction: (user, meta-path, item)

MCRec : The Proposed Model

Meta-path based Context for RECommendation (MCRec)
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® Path attention
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® Utilize context semantics for interpretable recommendation ® User/item embedding with lookup ® Concatenate

® Utilize the mutual effect between user-item pair and meta-path ® Sampling path instances via priority ® _ fw® el ) ® Multi-layer perceptron
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® Meta-path based context embedding Bu = f(Wuxy+Wysicuoi+by), sampling
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® \We designed a three-way neural interaction model by explicitly
Incorporating meta-path based context
® The co-attention model mutually improved the representations
® Extensive experimental results show the effectiveness of MCRec
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